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A Hybrid Genetic Algorithm with Hyper-mutation and Elitist
Strategies for Automated Analog Circuit Design
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Abstract; Analog circuits are of great importance in electronic system design. Considering the lack of simple GA on
evolving the analog circuit’s components values, this paper proposes a hybrid genetic algorithm with hyper-mutation
and elitist strategy. Experimental results show that, the proposed algorithm performs much better than simple GA.

This paper proposes an efficient way of automated analog circuit design. It is obvious that, evolutionary methods

have significant importance and large potential in analog circuit design automation,
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for (i=1;i<n;i++)
individuali_rank = i;
end for;
for(i=1;i<nsi++)
if ( fitness (individual:)>> fitness(individual;))
if (individual;_rank>> individual;_rank)
change_rank((individual; ,individual;)
end if;
else if ( fitness (individual;)= fitness(individual;)
if Gndividual;_rank>> individual;_rank)
and component_num (individual;)<C
component_num (individual;))
change_rank((individual; , individualy) ;
end if;
end if;
end for;
for (i=1;i<n;i++)
if (individuali_rank<<N)
Se =S, U individual;

end if;

end for;
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CCsets =initialize_pop(N );
for (i=1;igen; i++ )
intermediate_pop=CCsets\] crossover(Cossets, pc)s
CCsets =select(intermediate_pop,N) ;
CCsets =order_by_fitness(CCsets,down) ;
Se=;
for (i=1;j<IN* pe; j++)
if (rand(0,1)< ¢ pam)
ccset=randomly_select(S,) ;
ceset=hyper_mutation(S.) ;
intermediate_pop= intermediate_pop|Jccset;
end if;
end for;
CCsets =select(intermediate_pop,N);

end for;
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